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Lateral Deformation Prediction of Deep Foundation Retaining
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Abstract: In order to more accurately predict the lateral deformation of retaining structures caused by
foundation pit excavation, this paper adopts support the vector machine model, traditional artificial neural
network model, and two kinds of recurrent neural network models considering temporal inputs to establish
a prediction model for the maximum lateral deformation of retaining structures in different foundation pits,
and for the same foundation pit under different working conditions. The results show that the artificial
neural network can update and predict the deformation of the retaining structure in real time based on the
measured data of the project, which is helpful for timely planning of the next construction process of the
project. In the prediction of lateral deformation of retaining structures under different working conditions,
the cyclic neural network model considering temporal inputs is better than the traditional artificial neural
network model.
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